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Evolving Issues of Data Protection and the Conundrum of Antidiscrimination in
Artificial Intelligence

Abstract

While data-driven approach has empowered the development of the second wave of
artificial intelligence (Al), personal data protection faces unprecedented challenges.
Al application also brings about the thorny problem of statistical discrimination. With
the assist of machine learning, the personal-data-dependent Al is now able to learn
correlations among different human characteristics, preferences, traits, and patterns
of human behaviors by analyzing big volume of existing data collected from varied
human activities. The end result of such a learning is powerful algorithms that are
able not only to produce different kinds of “group profiles” but also to match those
“group files” with the “individual profile” of the targeted person so as to predict his
or her human behaviors. The current data protection laws around the world,
however, all encounter similar difficulties in bringing data collection and processing
for Al learning purposes to terms. The volume and the variety of the data needed for
Al development make it unfeasible to rely on prior consent as a legal ground. The
impossibility to truly anonymize personal data and unforeseeable Al application uses
further threaten the interests and rights of data subjects. While the balancing of
legitimate interests is often adopted as an alternative ground, the seemingly
beneficial knowledge about correlations produced by Al learning could easily fall prey
to replicate of existing social biases without being recognized and taken into account.
As a result, statistical discrimination that conceals suspect classification or animosity
could be disguised as a rational means to simply predict or assess risk and probability
and eschew the proscription of antidiscrimination laws. All these are challenges yet
to be overcome that Al imposes on current data protection and antidiscrimination

laws.
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20 GDPR, Article 6(1)(a) and Article 6(1)(b).
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